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Abstract

Most oligopolistic models in the oil market begin with the assumption that OPEC is
acartel. Successive increasesin oil prices during recent years, and OPEC’ s inability
to regularize the oil market fortifies the possibility of the existence of competitive
behavior in the oil market. Now, with regard to the intense fluctuations in the oil
market, prediction of oil supply for politicians and oil companies isimportant. In the
recent years, use of neural networks, along with econometrical methods, of
forecasting of economic variables is a norm. Because neural networks have,
exclusive characteristics like release of statistical hypotheses and capability of
solving complex nonlinear problems. In this article in addition to prediction oil
supply in the eleven producing countries, by use of linear regression and neural
networks, the results of every country are separately compared. The estimation
results show that neural networks are presenting better predictions in comparison to
the linear regression models.
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1- Multi Layer Perceptron

2- Generalized Regression Neural Network
3- Mean Squared Percentage Error

4- Hybrid Method

5- Support Vector Regressive

6- Multi layer Perceptron
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1- Autoregressive Conditional Heteroskedasticity

2- Generalized Autoregressive Conditional Heteroskedasticity
3- Rosenblatt

4- Perceptron

5- Classificated Network

6- Hopfeild

7- Traveling Salesman Problem
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1- Rumel Hart

2- Parker

3- Back Propagation Algorithm
4- Feed Forward Neural Network
5- Approximation

6- Prediction

7- Pattern Classification

8- Clustering

9- Neuron
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1- Activation Function
2- Hyperbolic Tangent
3- Logistic Function
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2- Supervised Learning

3- Unsupervised Learning
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1- Hidden Layer
2- DeltaRule
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1- Steepest Descent

2- Levernberg — Marguardt
3- Jacobian Matrix

4- Gauss-Newton
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